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Abstract
Higher rates of unemployment are found among African-American men in rural communities in the US. As part of
a community-based participatory research project, we sought to identify characteristics of job-seeking networks of
African-American and white employed and unemployed men and women in a rural community in Missouri. We collected
cross-sectional quantitative and qualitative information about job-seeking networks through in-depth interviews with
39 local residents. Descriptive network measures were used to compare the gender, race, and employment status of the
people comprising participant job-seeking networks. A novel network approach was used to simulate a whole network
from individual networks depicting likely patterns of job-seeking relationships across the community. Unemployed
participants had larger networks, with the exception of white women. Men had more racially homogenous networks
than women; many networks had no racial diversity. Men had longer relationships than women, while women had
stronger relationships. Employed participants had more linkages to alters with connections to community organizations
than unemployed participants. Unemployed participants had many connections, but lacked connections to the right
people and organizations to aid in their job search. Increasing employment opportunities in this community, and
similar communities, will require effort from job-seekers and others to develop new relationships, programs, and
policies.
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1. Introduction
Social ties and social capital have been identified as
important in job-seeking (Granovetter, 1983; Lin, Cook,
& Burt, 2001). The strength of an individual’s social ties
and the characteristics of the people they are connected to
including race, gender, social class, and presence of social
capital, are important to understanding the influence of
these ties on employment. First, weak social ties (e.g.,
acquaintances and friends-of-friends) may be beneficial
in job-seeking because they bring new information to
a relationship. Stronger social connections tend to be
among individuals who have similar characteristics,
similar connections, and similar information. Weak
ties tend to act as bridges between strongly connected
groups which carry new information between the groups
(Friedkin, 1980; Granovetter, 1983; Wegener, 1991).
Different demographic groups tend toward
different types of ties in their personal social networks
which may influence the effectiveness of social ties for
influencing employment (McDonald, 2009; Wegener,
1991). Specifically, men tend to have larger networks
comprised of other men and non-kin (weaker ties), while
women have more kin (stronger ties) in their networks.
African-Americans may have less diverse and smaller
networks than whites, thereby limiting access to new
information (Lin, 2000). As a result of these patterns,
women and minorities tend to receive significantly fewer
job leads than white men from their social networks
(McDonald, 2009).
Having weak social ties is not always an indicator
of the ability to obtain job information; social class and
race can influence the usefulness of weak ties in jobseeking. Individuals who have held higher status jobs in
the past tend to benefit from their weak ties while those
who have held lower status jobs may not (McDonald,
2009; Wegener, 1991). One examination of job-seeking
among the African-American urban poor in the US found
that, contrary to findings regarding network size in Lin
(2000), this population has large social networks but
face challenges mobilizing social ties for the purposes of
employment (Smith, 2005).
Access to social capital as a function of social
ties can also influence job-seeking. Social capital refers
to the structure and content of social relationships that
provide resources including information about, or access
to, job opportunities (Coleman, 1988; Portes, 1998;
Lin et al., 2001). For example, African-American men
are less likely to have ties with individuals in authority
positions who could help them obtain higher level
management positions (McDonald, 2009). Social capital
is created when social connections are characterized by
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trust and reciprocity (Abbott, 2008; Kunitz, 2004). An
individual may have social capital as a result of personto-person ties with similar people such as family, friends,
neighbors, close acquaintances (sometimes referred to as
horizontal social capital) or through ties with individuals
and organizations that are different (sometimes referred
to as vertical or bridging social capital) (Kunitz, 2004).
People who live in areas where there is less trust and
reciprocity reported by residents (low horizontal social
capital) and lack access to vertical social capital are likely
to have fewer employment opportunities compared to
those who live in high social capital areas (Hawe, 2000;
Kawachi, Kennedy, & Glass, 1999; McDonald, 2009).
While there has been a great deal of attention to
the role of social ties and social capital in employment,
most studies focus on urban settings or have not
differentiated between urban and rural residents. The
focus on rural communities is particularly important in
the US given high rates of poverty and unemployment
in these areas, and inherent limitations on the number
and types of employers (http://www.dailyyonder.com/
rural-unemployment-soars-january/2010/03/30/2667). It
is important to note that within the US unemployment
rates vary by race and gender. The unemployment rate
for black men in the US in 2010 was 18.4%, this is higher
than for black women (13.8%), white men (9.6%),white
women (7.7), Hispanic men (12.7%), and Hispanic
women (7.7%) (Bureau of Labor Statistics, 2010).
Men on the Move (MOTM) is a communitybased participatory research project located in a rural
African-American community in the state of Missouri
and is funded by the National Institute for Minority
Health and Health Disparities. One focus of MOTM is
to understand and address barriers to employment for
African-American men in this community with the distal
goal of improving health. As with other parts of the
country, men living in rural communities in Missouri are
likely to have higher rates of unemployment than their
urban counterparts (http://health.mo.gov/living/families/
ruralhealth/pdf/biennial2011.pdf). In order to better
understand the social ties and social capital of AfricanAmerican men in a rural setting, and compare their social
networks to others in their community, we address three
specific research questions:
1. What are the characteristics of job-seeking
networks in a rural county with high
unemployment?
2. How do the job-seeking networks of employed
and unemployed, African-American and white,
male and female residents differ?
3. What is the role of social capital in these job
seeking networks?

insna.org | Issue 1&2 | Volume 34 | insna.org

Employment Networks in Rural Area

Connections
2. Methods
Data Collection
Using the mixed-methods network approach, netmapping, developed by Eva Schiffer (http://netmap.
wordpress.com/), we trained four residents of rural
Pemiscot County, Missouri to conduct interviews with
local residents about their most recent job search. With
a goal of conducting interviews with five residents from
each of eight groups (Table 1), interviewers recruited
39 county residents through local churches and local
unemployment and job centers.
Interviewers worked with each participant to draw
a network depicting the individuals and organizations they
identified in response to this prompt: Who was involved
in your most recent job search? As the participants were
answering the prompt, each individual or organization
was added to a sheet of paper with the participant shown
in the middle. For the purposes of describing the jobseeking networks, each participant is the ego and each
individual or organization a participant identified is an
alter. This approach to data collection is ego-centric;
it essentially results in a network for each participant
centered around the ego. Each alter was recorded on a
color coded post-it note to identify whether the alter was
male, female, or an organization/website. The participant
then indicated whether each alter was a family member,
friend, or professional tie. Participants were asked if they
trusted each alter, the level of influence the alter had on
their job search, and the employment status of the alter.
Finally, participants were asked to indicate whether their
alters knew one another. The resulting networks looked
like those shown in Figure 1.
In addition to drawing their job-seeking network,
each participant was asked to complete two questionnaires:
one about themselves and one about their alters. Both
questionnaires included demographic information. The
alter questionnaire also included questions about the
length of relationships in years. Strength of ego-alter

relationships was also assessed by asking: How well do
you know [alter name]? with response options ranging
from 1 to 5, where 5 is “very well.” To assess social
capital, participants were also asked if named alters
could connect them with other people or organizations
in the community that might help in the job search. To
obtain this information participants were asked: Next, we
are interested in the extent to which people you named
have relationships with someone that might help you or
others find jobs. Does [name of alter] have a relationship
with the schools or parent teacher organizations? The
question was repeated for local business, community
group, church, bank, school board, city council, and
police department/fire department. Each mapping and
survey process took approximately one hour. The Saint
Louis University Institutional Review Board approved
this study.
Data Analysis
Descriptive statistics and ego network visualization (e.g.,
Figure 1) were used to examine and compare the size,
composition, and relationship structures across the jobseeking networks. To further explore patterns identified
across participant networks, a novel technique using
exponential random graph modeling (ERGM) to simulate
a whole network from ego-centric network data was
also used to examine patterns of connections across this
community (Krivitsky, Handcock, & Morris, 2011). By
following Krivitsky and colleagues (2011) and a 2011
tutorial by Krivitsky and others (https://statnet.csde.
washington.edu/trac/raw-attachment/wiki/Resources/
ERGMtutorial.pdf), aggregate data from sampled egonetworks can be used to statistically examine patterns
of connections across a population. Organizations and
websites were not included in this analysis since they
do not have the characteristics of interest (gender, race,
employment status).
To derive a whole network from the 39 ego
networks, we first entered the number of network

Figure 1. Examples of participant job-seeking networks showing an unemployed African-American woman (left) and an
unemployed white man (right).
insna.org | Volume 34 | Issue 1&2 | December

Employment Networks in Rural Area

Connections

members for each of the eight groups (e.g., unemployed
white men, employed white women, etc.) into the
procedure. Because we over-sampled unemployed and
African-American residents, the data were weighted so
that the composition of the network would accurately
represent the proportion of people in each of the eight
categories among Missouri residents as of 2010 (http://
www.bls.gov/cps/). State-level estimates were the closest
geographic level available for estimates of race by
gender by employment status. Unemployment rates in
2010 for Missouri were: black men 16.5%, black women
14.3%, white men 9.3%, and white women 8.0%. Table
1 shows the number of human egos and alters for each
characteristic of interest across the 39 ego networks (n),
the weighting to ensure the resulting whole network
has the same composition as the state, and the resulting
proportion of the whole network with each characteristic
of interest (Adjusted n). The weighting column is a ratio
of the proportion of the characteristic in the sample to
the proportion of the characteristic among residents of
Missouri.
In addition to the number of each type of network
member, we entered the number of connections between
each of the eight groups, also weighted using the Table
1 weights. To model the propensity for homophily (the
tendency for like network members to connect with
each other) by gender, race, and employment status, we
entered the sum of the weighted ties that were between
network members of the same employment status, race,
and gender. Finally, the sum of weighted ties going to
unemployed, African-American, and male network
members was entered in order to model the likelihood
of being sought for job advice in these three groups. In
addition, because the average number of human ties for
an ego was 4, we specified approximately 4 job-seeking
ties per network member for the whole network.
Once the summary statistics for the number of
network members and their patterns of ties were entered,
a statistical model (ERGM) was generated to predict the

likelihood of a tie between any two community members
based on the summary statistics. We built the network
starting with a null model that only accounts for the
overall number of ties in the network, added homophily
terms, and added variables to account for incoming ties
for male, unemployed, and African-American residents.
Model fit was assessed by simulating whole
networks from the null, homophily, and full models
and comparing their summary statistics to the summary
statistics for the observed data. Simulated networks
represent job-seekers with directed ties between them. For
example, for network members A and B, the relationship
A -> B indicates that A contacted B. Outgoing ties,
therefore, represent contacting someone and incoming
ties represent being contacted. The characteristics of the
simulated whole networks were examined to determine
if the patterns of ties were consistent with those seen
across the ego networks for each step of model building.
In this case we simulated 200 networks based on each
model and compared summary statistics across the
simulated networks to the observed data. Once model fit
was deemed acceptable, we interpreted model results and
compared the results to patterns seen in the descriptive
statistics for the ego networks.
3. Results
Participants were 32 years old on average and many
(25.7%) had less than a high school education.
Unemployed participants had lower levels of education;
there was no notable difference in age between employed
and unemployed participants. White women and AfricanAmerican men had been unemployed the longest on
average; 15 and 12.5 months, respectively.

Table 1: Weighting of network member types to represent proportion of Missouri population in the network model.
Subgroup
Employed African-American men
Unemployed African-American men
Employed African-American women
Unemployed African-American women
Employed white men
Unemployed white men
Employed white women
Unemployed white women
Total

Observed n
38
14
41
14
29
12
34
20
202

Weighting
.59
.32
.63
.31
2.14
.47
2.05
.27

Adjusted n for model
22
4
26
4
62
6
70
5
202
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Describing the Networks

Statistical network modeling

Network size and composition. The average number
of alters in a job-seeking network was 7.4, with a range
of 3-14. Networks had between 2 and 11 alters who
were people with the rest of each network comprised
of websites and organizations used during job-seeking.
The overall size of the job-seeking networks differed
by gender, race, and employment status. White men
had the smallest networks, with 5.6 alters for employed
white men and 6.3 alters for unemployed white men.
Unemployed African-American men and unemployed
African-American women had the largest networks with
9.2 alters on average. Table 2 describes the composition
of an average ego-network in each group. On average,
unemployed egos had a higher proportion of employed
alters compared to employed egos, with the exception
of employed African-American men, who had few
unemployed alters.
Tie strength. Unemployed African-American
women and employed African-American men had the
longest and strongest relationships on average while
unemployed white men had the shortest relationships
and unemployed African-American men had the weakest
relationships. Unemployed women had longer and
stronger relationships on average than their employed
counterparts, while the opposite was true for men. Alters
in the job-seeking networks of men regardless of race or
employment status had approximately the same number
of ties to other alters, while alters in the networks of
employed women had more alter-alter ties than alters in
the networks of unemployed women. Having more ties
among alters may be an indicator that a job seeker has a
strongly connected cluster of friends, family, and others.
Alter types. Employed white women and
employed white men had the most unemployed in their
networks. Employed women had more family ties than
unemployed women, while unemployed white men had
the most family ties in their networks. The networks were
relatively racially homogenous; the most race diversity
was seen in the job-seeking networks of employed
African-American women egos, who had 24.5% nonAfrican-American alters. Unemployed African-American
women had no white alters, while unemployed white men
had only white alters. Men egos had a majority of men
alters, while women egos tended to have women alters.
Social capital. Alters of employed AfricanAmerican men and white women had the most community
ties on average, while alters of the unemployed generally
had fewer community ties. The exception to this was
unemployed African-American men whose alters had
more community ties than most other groups.

A statistical model was generated based on the
characteristics of the egos and alters, along with
aggregate information about the patterns of ties between
egos and alters across the 39 observed networks (Table
3). Homophily terms demonstrated that the likelihood
of a tie increased between two community members of
the same sex (OR=1.91; 95% CI: 1.59-2.29) and same
race (OR=20.76; 95% CI: 15.91-27.09), but decreased
between community members of the same employment
status (OR=.42; 95% CI: .33-.53). In contacting others
during job seeking, holding the rest of the network
constant, community members were more likely to have
contact with someone of the same gender and race, but
less likely to have contact with someone of the same
employment status. Holding all else constant, job-seekers
were more than twice as likely to contact unemployed
community members (OR=2.73; 95% CI: 2.08-3.59)
compared to employed, and were 75% less likely to
contact African-Americans (OR=.25; 95% CI: .21-.29)
compared to whites. Being male did not influence the
likelihood of being contacted compared to being female,
all else held constant (OR=1.02; 95% CI: .86-1.21).
To assess model fit, we compared the target
statistics from 200 networks simulated from each
model with the observed target statistics. Averaged
target statistics from the 200 simulated networks were
within 6% of the observed target statistics across all
the models during the model building process (Table
3). For example, the 200 simulated networks for the
full model had an average of 349.1 ties for employment
homophily, while the observed network data entered
had 344 ties with employment homophily. Visualizing
simulated networks during model building demonstrates
the extensive homophily by race in this community
(Figure 2). The null model simulated network (Figure
2a), which only accounted for the total number of ties
in the network, shows many connections between whites
and African-Americans. Simulations from the other two
models demonstrate that, once homophily is accounted
for, the networks appear segregated. In the full model the
added terms for incoming ties appeared to increase the
density of ties within race groups (Figure 2c).
When comparing the ERGM results to the
descriptive statistics in Table 2, the model results capture
many of the descriptive patterns demonstrated and
provide additional information. For example, in Table 2,
most connections were between two community members
of the same race. The strong positive homophily term
for race in the model captures this propensity for whites
to connect to other whites and African-Americans to
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Table 2: Composition of job-seeking networks for 39 residents of a rural county in Missouri

connect with other African-Americans. In the observed
data, women’s networks included more alters overall
and were, on average, more gender homogenous than
the men’s networks, resulting in more women than men
being contacted during job searches. However, , after
accounting for gender homophily, men were no less (or
more) likely to be contacted during the job search in the
network model.
4. Discussion
The job-seeking networks revealed numerous differences
between unemployed and employed, African-American
and white, men and women in this rural community. With
the exception of white women, unemployed participants
had larger job-seeking networks than employed
participants. Men had more racially homogenous
networks than women, and several of the groups had no
race diversity in their job-seeking networks at all. Men had
longer relationships overall than women while women
had stronger relationships on average. The employed
participants generally had higher vertical social capital
(more connections to organizations in the community)
than unemployed. Although the unemployed had more
employed partners in their networks, vertical social capital
was lower for unemployed participants. The network
modeling confirmed several of these patterns, including
extensive homogeneity of race in job-seeking networks.
Broadly speaking, unemployed participants appeared to
be well-connected, but lacking in connections to the right
people and organizations to aid in their job search.
The findings suggest several strategies that may

reduce employment disparities in rural communities.
First, job obtainment for African-American men in
particular may have less to do with the size of their
job-seeking network and more to do with the specific
connections these job-seekers and their personal networks
have to local infrastructures. Our first recommendation is
that these job-seekers purposefully seek to connect with
community members who are employed by, or otherwise
involved with, local organizations.
Second, based on comments made during
interviews it could also be that unemployed AfricanAmerican men are connected to others who are unwilling
to recommend them for hire, which is consistent with
past research (Smith, 2005). Our second recommendation
is that local employers in rural communities provide
job shadowing, apprenticeship, or other temporary
opportunities so that individuals can demonstrate
reliability when they lack references.
Finally, the extensive race homophily in the
job-seeking networks may be a factor in reduced job
opportunities for African-American men. There are few
African-American owned businesses in this community
(Barnidge, Baker, Motton, Fitzgerald, & Rose, 2011);
most employers tend to be white. If African-Americans
most often connect with other African-Americans in jobseeking, they may not have direct connections to those
who have access to available jobs. While developing
connections with the current business owners is important,
our final recommendation is for the community to also
increase opportunities for entrepreneurship by local
African-American residents which could result in more
access to jobs through existing patterns of connections.
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Table 3: The likelihood of a job-seeking connection between two network members in a rural Missouri county (bold indicates
statistically significant)

Figure 2. Simulated whole networks of job-seeking relationships among 200 residents of a rural county with high
unemployment. Networks are single simulations from the (a) null, (b) homophily, and (c) full ERGM models shown in Table 3.

Limitations
There are several limitations that need to be considered.
During recruitment, unemployed participants were
selected by going to local agencies and organizations that
support individuals in their job-seeking activities. While
there is little information on demographic differences
between those who use in-person employment agencies
and those who do not, there is some evidence that, at
least in urban areas, accessibility to these organizations
may vary by race and age (Joassart-Marcelli & Giordano,
2006). We purposefully selected individuals based on
race and average age was consistent across employed
and unemployed participants, so these differences
may not apply in our study. However, there may be
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other differences that we are not aware of between the
unemployed who use services and those who do not use
(or are no longer using) employment services.
Similarly, our sampling of employed individuals
may be biased. We obtained our sample of employed
individuals from local churches. Churches often provide
strong referral networks for job seekers and may also
use reputational capital to support job seeking church
members (Putnam, 1993). Those who attend churches
in rural communities with limited job opportunities and
smaller areas of influence are likely to have stronger
job referral networks compared to those who do not
which may bias our sample toward the employed having
more and stronger job-seeking ties than other employed
individuals in the community. In addition, churches
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tend to lack racial diversity, especially in rural areas
(Dougherty, 2003) This suggests the potential for a lack
of racial diversity in the job-seeking networks of those
we recruited in churches. Specifically, the employed
participants recruited in churches may have more racially
homogenous job-seeking networks than the general
population of employed residents in Pemiscot County.
The small number of egos interviewed may exacerbate
these potential biases.
There are also limitations to the way we
collected and analyzed our data. For example, we asked
egos to identify if alters had connections to certain
local infrastructures. It is possible that alters had such
connections but this was unknown by the ego, or they
used to have such connections but do not any longer.
This may have under or overestimated vertical social
capital. In terms of analysis, using state data to weight our
findings likely results in underestimating unemployment
which is higher in many rural areas within Missouri than
the overall state rate may indicate.
Conceptually, another limitation to our approach
is that we focus on network influences on employment,
but do not examine the specific role of either interpersonal
or structural racism (such as hiring practices or zoning)
on employment opportunities within rural communities.
5. Conclusion
Increasing opportunities in this community, and other
similar communities, to address high unemployment and
its consequences will require effort from the job-seekers
and others to develop new relationships, programs,
and policies. As a first step toward implementing
our recommended strategies in Pemiscot County,
MOTM academic and community staff are working
to aid unemployed residents in enhancing their social
connections.
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